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import tensorflow as tf
.— Name - Last Modified config = tf.compat.vl.ConfigProto()
— E—— rom——— config.gpu_options.allow_growth = True
2  pracivhe session = tf.compat.vl.Session(config=config)

* - output 2 years ago
EIGHT, ™ pretrainedmod. 2 years ago import numpy as np
model. et = 5 import random
;v ‘n:t--x 7 qstutils 2 years ago ARAE S
bt W ubuntu 2 years ago random. seed(seed)
[INFO] SIFBIRL. ... « [ Untitledipynb 36 minutes ago Np;random.seed(esed)

= tf.random. set_seed(seed)
« [A] Untitled1.ipynb 32 minutes ago
s EE

< + [A] Untitled2.ipynb a minute ago from keras.models import Sequential

from keras.layers.convolutional import Conv2D
In [14] from keras.layers.convolutional import MaxPooling2D

from keras.layers.core import Activation

H = model. fit{aug. flow(trainX, train¥, batch_size=BATCH SIZ from keras.layers.core import Flatten

E), from keras.layers.core import Dense
validation_data=(testX, testY), step

s_per_epoch=len(trainX) // BATCH_SIZE, class MiniVGGNet:
epochs=EPOCHS, verbose=1) @staticmethod

Epoch 1/100 def build(width, height, depth, classes):
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ai
froi d spore. train. callback i
from mindspore. train import Model #
from mlndspcre 1mporT. load chechpom
from mindspore import context # /¢

o 20
int, CheckpointConfig, LossMonitor, TimeMonitor # /7/76p§4T oK
accuracy hi

f asydict i ptE yDict as ed
1mpor t numpy a #

import matplothb pyplot as plt #
XA

import os
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